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TL;DR: TC3DGS compresses dynamic 3DGS representation using novel pruning, mixed-precision quantization and post-processing techniques.

Introduction Challenges
Real-time AR/VR and mobile systems need 1. Neural network based deformation fields
lightweight models. e Inherent bias towards smooth trajectory —p Fails on complex motion
Storing dynamic 3D Gaussian scenes: 2. Store frame wise deformations

e Redundant information stored =P Excessive storage requirements

e Explicit trajectories — huge file size (5 sec = ~2GB)
e [mplicit transformations — fail on complex motion

Compression enables faster rendering and broader
deployability.
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Method Results
e Temporal relevance pruning 1. SOTA comparison
e First use of mixed-precision quantization for Gaussian parameters
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3. Keypoint based Trajectory
Compression
An extended Ramer-Douglas-Peucker
algorithm that selects keypoints based
on error tolerance or a maximum
keypoint limit. Dynamic 3DGS TC3DGS (Ours)
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